New data are presented for a large number of countries on how frequently former high-ranking politicians become bank directors. Politician-banker connections at this level are relatively rare, but their frequency is robustly correlated with many important characteristics of banks and institutions. At the micro level, banks that are politically connected are larger and more profitable than other banks, despite being less leveraged and having less risk. At the country level, this connectedness is strongly negatively related to economic development. Controlling for this, the analysis finds that the phenomenon is more prevalent where institutions are weaker and governments more powerful but less accountable. Bank regulation tends to be more pro-banker and the banking system less developed where connectedness is higher. A benign, publicinterest view is hard to reconcile with these patterns. Banking sector development, institutions, political economy. JEL codes: G15, G21, P16
There is ample evidence that access to external financing is critical for the level and efficiency of investment, productivity, and economic growth at the firm and the aggregate level. Yet firms in different countries do not have the same access to finance.
1 This raises two important questions: Why do some countries lack a well developed financial system if it is so beneficial? And how do firms react to financial sector underdevelopment? A recent strand of financial development literature aims at answering both questions from a political economy standpoint.
On the first question, the literature complements theories of financial development based on stable and largely predetermined factors (such as the origins of a country's legal system, pattern of colonization, religion and culture, and social capital endowment) with a role for dynamic political economy considerations (LaPorta and others 1997, 1998; Acemoglu and Johnson 2005 , Stulz and Williamson 2003 , and Guiso, Sapienza, and Zingales 2004 . Private interests and politics appear to be relevant determinants of financial development, as suggested, for instance, by Rajan and Zingales (2003) , Pagano and Volpin (2001, 2005) , and Braun and Raddatz (2007, 2008) . One channel through which this could occur is the regulatory effect of the interaction between politicians and financial sector firms.
2 That regulators come from or end up in the regulated industry-the revolving door phenomenon-has long been recognized as a potential determinant of regulation.
3 And indeed, the empirical work, although still scarce, points to its having large social costs (see Kwhaja and Mian 2005 and Dal Bó and Rossi 2006.) As for how firms react to financial sector underdevelopment, several recent papers have documented that politically connected firms seem to get preferential access to credit (Cull and Xu 2005; Khwaja and Mian 2005) and better treatment by the government. These links between politics and business seem quite widespread (Faccio 2006 ) and seem to add considerable value to firms (Fisman 2001) .
This article focuses on banks. Because of their critical role in allocating credit, the behavior of banks, unlike that of most other types of firms, affects the entire economy. A new dataset linking more than 10,000 politicians (cabinet members, financial sector regulators, and central bank governors) and some 60,000 members of bank boards in a large number of countries is used to compare the names of bankers and of politicians to search for matches. The frequency of these matches is then used to compute measures of the connection between politicians and bankers to explore the role of political connectedness. Banks, like any other firm, may use these connections to improve their position, perhaps by affecting banking regulation. This would be more likely to happen where institutions are weak and the government is relatively powerful yet less accountable. It may also carry large social costs, through more restricted access to credit. The article examines the extent to which banks are politically connected, where this connectedness is more prevalent, and whether it is associated with better outcomes for banks.
This private-interest view of the presence of former politicians on bank boards is, of course, not the only possibility. Links between politicians and bankers may be a way of fruitfully sharing ability, knowledge, and experience between the public and private sectors. These links could imply better outcomes for the firm without negative social effects. Banks could simply be lobbying to make a legitimate case to government officials or could consider these links more as consumption than as investment (see, for instance, Ansolabehere, de Figueiredo, and Snyder 2003) . The merit of these two 2. Financial sector incumbents are defined as the people and firms that form part of the financial sector at a given time, as opposed to those interested in entering the sector.
3. See Dal Bó (2006) for a review of regulatory capture.
perspectives is ultimately an empirical question. In that sense, the stylized facts provided in this article may shed some light on which interpretation is more likely. Several stylized facts stand out. At the micro level, politically connected banks are different from unconnected banks: they are larger, more profitable, less leveraged, and less risky. When aggregated at the country level in various ways, bank connectedness is found to be strongly negatively related to GDP per capita. After controlling for this and for other traditional elements, countries where banks are more connected are shown to rank higher on corruption and government regulatory power and lower on accountability. Overall regulation is less market friendly, bank regulation is generally more pro-banker, and the financial system is less developed.
This article is closely related to the recent literature showing that politically connected firms appear to fare better than the rest (see, for example , Faccio 2006; and Faccio, Masulis, and McConnell 2005.) This article adds to this work in three main ways. It focuses on banks, an important contribution because of the likely effect bank connectedness may have on the entire economy through credit allocation. Rather than determining whether political connections improve outcomes for the connected firms, it delves deeper into the country characteristics and policy choices associated with these kinds of connections. And it looks at former politicians as well as incumbents.
The article is also related to the literature on the search for political experience by boards of directors (see, for instance, Agrawal and Knoeber 2001 and Goldman and others 2009) . Similarly, it is related to recent work on the relationship between connections and development, including banking sector development from a historical perspective (Haber 1991; Maurer 2002; Maurer and Gomberg 2005; Milanovic, Hoff, and Horowitz forthcoming; and Razo forthcoming) . In this article, the assembly of the new dataset has allowed consistent exploration of the issue across a large number of countries.
The article compares politically connected banks to banks that are not connected and correlates several country-level measures of connectedness with variables capturing the quality of institutions, bank regulation, and financial development. Section I describes the data and the matching procedure used to identify banker-politicians. It also discusses ways of aggregating the results into a country-level connectedness variable. Section II shows how connected banks differ from unconnected ones and explores the characteristics of countries where the phenomenon is more frequent. Section III presents conclusions and implications.
I . M E A S U R I N G T H E C O N N E C T I O N B E T W E E N B A N K E R S A N D P O L I T I C I A N S
This section describes the methodology used to measure the connection between bankers and politicians, presents summary statistics from the resulting dataset, and introduces aggregate measures of the degree of connection across countries.
Building the Data
The data on names of politicians came from the Country Reports of the Economist Intelligence Unit, which were revised twice yearly for each country for 1996-2005. This review yielded 72,769 names of cabinet members and central bank governors. These names were complemented by a smaller set of 593 names of financial sector supervisors obtained from the 2000, 2002, 2003, and 2004 editions of How Countries Supervise their Banks, Insurers, and Securities Markets (Central Bank Publications, various years). These two data sets together provide extensive coverage for cabinet members and financial sector supervisors in 154 countries over 10 years (see supplemental appendix table S1, column 3, available at http://wber.oxfordjournals.org/). Once cleaned (as explained below), the data yielded an average of 72 politicians in each country, which is around 7 a year. There is some variation across countries, but it is small: 40 -100 names of politicians were found for 70 percent of the countries. The names of bank board members are from Bankscope (Bureau van Dijk 2006), which has data on the most recent board composition of both listed and unlisted banks in nearly all countries. The data were collected for 2006, so the board composition is typically from December 2005. Once duplicates were identified among the 109,645 board member names found for 4,618 banks, 64,169 unique board member names remained. Although Bankscope is the most comprehensive source of bank data around the world, its coverage is not necessarily complete. It is close to universal, however, as evidenced by the correspondence between the average number of banks with board composition data in Bankscope in 2001 and the total number of commercial banks reported by Barth, Caprio, and Levine (2003) for the same year (see column 5 in supplemental appendix table S1). Although there is some variation across countries, the difference between the number of banks in the two datasets falls within a 20 percent range in about 70 percent of countries. The banks for which board data are available account, on average, for 72 percent of the assets in each country; in only about a fourth of the countries is the fraction below 60 percent (see column 6).
Because data on bank directors are from the December 2005 issue of Bankscope and data on politicians cover the period 1996-2005, matches between the two datasets typically consist of former politicians who later sit on a bank board. This is the convention followed in the rest of the article, which refers to these individuals as "former politicians." There are a few caveats with this terminology. First, the entire history of each individual is unknown. Thus, some of them may have been bankers before 1996 (the first observation of the politician dataset). Second, how long a director has been sitting on the board is also unknown. For instance, the data do not show whether a politician who is on a board in 2005 and whose term in government ended in 2004 was already sitting on the board in 2003. Third, matches between politicians who are in their political positions in 2005 correspond to cases where the politicians simultaneously hold both positions. Fourth, a given issue of Bankscope reports the latest director data available. In more than two-thirds of cases, this corresponds to December 2005, but in a few cases the data are from earlier years. Thus, to be more precise, "former politicians" refer to individuals who were politicians at some point during 1996-2005 and who were on a bank board in December 2005.
Finding matches between politicians' and bankers' names involved four steps. First, the strings containing the names were standardized by converting them to lowercase and removing punctuations and titles (Sir, PhD, and so on). Second, duplicate entries were removed by identifying observations that were simply different spellings of the same name (for instance, with and without the middle initial). Third, the datasets containing names of politicians were pooled and duplicate observations across the datasets were identified. Once the names had been cleaned in this way, the names in the politician and banker datasets were compared to obtain the matching observations. At each step, a record-linkage algorithm was used to find matching names. The algorithm forms all possible pairs of names within each country and ranks the pairs on three standard measures of string similarity from the record-linkage literature: bigram, Levenshtein, and longest common subsequence. 4 The bigram metric counts the number of consecutive matching pairs of characters between two strings. The Levenshtein measure counts the minimal number of edits required to convert one string into the other. Allowable edit operations are the deletion of a single character, the insertion of a single character, and the substitution of one character for another. The longest common subsequence counts the number of consecutive characters that are present in two strings, and keeps the largest number.
All three methods are based on the way names are written. If the difference between the way a name sounds and the way it is written varies across countries, so that mistakes are more prevalent in some countries than in others, these methods could be differentially effective and could potentially induce bias. For these reasons, the algorithms were used only to restrict the sample of potential matches, as described below. Ultimately, the matches were visually identified.
When two strings containing names are compared, each of these criteria results in a value between 0 and 1 that measures the likeliness of the two names being the same. All pairs with a minimum value of 0.8 in at least one of the three methods were retained and visually checked to determine 4. The record linkage software used was Merge Toolbox, a Java-based tool created by the members of the Safelink project (see Schnell, Bachteler, and Bender 2004). whether they matched. While alternative ways could have been used to restrict the set of pairs to be visually checked, this relatively restrictive way was chosen so as to err more on the side of failing to find true matches than of falsely identifying matches. This was also the basic principle used for the visual verification.
After step two, the data contained 10,829 politicians and 62,981 bankers in 146 countries.
Step three yielded 218 matching names across these two lists (see column 4 in table S1). The mean number of matches per country was 1.4, and the median was 1.0. At 0.34 percent, the share of bankers who are politicians is quite small and unimpressive. The dearth of matches reflects in part the restrictive way that the matches were identified. On the other hand, the fraction of politician-bankers does not seem as small in the context of the size of the populations from where they were drawn (see below).
Having high-ranking politicians on the board of banks is not the only way banks can be politically connected. Non-cabinet level politicians can also play an important role connecting banks. And there are more subtle forms of connection: a politician can be connected to a bank by having relatives or associates on the board (Faccio 2006) or by supporting the appointment of directors or chief executive officers. There are also less subtle ways, such as outright bribery and corruption. Politicians sitting on bank boards seem to be a relatively rare form of connection compared with some other channels, to judge by country case studies and anecdotal evidence. However, these other types of connections are much more difficult to document systematically across countries. Rather than arguing that a direct presence on the board is the only or the most important way politicians and bankers relate, the article considers the presence of high-level politicians on bank boards as a proxy for the general connection between politicians and bankers. As long as people do not completely specialize in one particular form of connection, the different ways of connecting are likely to be positively correlated. Since the analysis here looks only at the top posts in both politics and banking, the results are likely just the tip of the iceberg.
Instead of focusing on absolute magnitudes, the article looks at how variations in the importance of politicians sitting on bank boards links to several bank and country characteristics. There are two sources of variation in the data: variation between countries with matches and those without (the extensive margin) and variation in the number of matches for the countries with at least one match (the intensive margin).
The 72 of 154 countries for which no matches were found were dropped from the sample for most of the analyses, for several reasons. Most important is concern about the reliability of the data for many countries with zero 5. See, for instance, Fisman (2001) for an account of Suharto's Indonesia. matches. For instance, while 60 percent of countries with some matches meet the International Monetary Fund's Special Data Dissemination Standard (IMF 2009), only 20 percent on those with zero matches do (many of these countries are not generally included in systematic cross-country analyses).
6 Second, many countries with zero matches have very few banks. A third had fewer than three banks in Bankscope in 2005, compared with just 4 percent among countries with matches. And the median number of banks with data is 5 in the no-matches group but 16 in the group with at least one match. Third, the zeroes give little information on whether the selection of bankers is biased toward former politicians. Under reasonable assumptions, the probability of finding zero matches between bankers and politicians is high even if banker selection is seriously biased toward picking politicians. 7 In contrast, finding even one match provides considerable information on the likely bias of the selection, since a match is typically a low probability event under the null hypothesis of unbiased matching. Nevertheless, results are also presented for analyses that include countries with zero matches but more than two banks (as an arbitrary cutoff for considering the zero as reliable), and many of the correlations documented below remain unaffected.
Of course, this argument could be stretched to restrict the sample to countries with more than one or two matches because finding a small number of matches may simply occur by chance, something that is less likely if a more substantial number of matches are found. Although finding a single match is a very low probability event that is unlikely to occur by chance in most countries, the article returns to this issue below to show that, even though the sample size drops quite rapidly, the results are not very different when the sample is further restricted.
Measuring Connectedness at the Aggregate Level
There are several ways to aggregate the information on individual matches to measure and compare the connectedness between banking and politics in different countries. Each method has pros and cons and is more or less appropriate under different assumptions about the process that generates the matches between politicians and bankers. Instead of focusing on a single measure, the analysis is conducted with five different metrics (table 1). Three measures are straightforward, and two are more elaborate because they address some shortcomings of the other three. The five measures are computed twice: once for matches found for all Bankscope banks ( public, private, and mixed), and once only for matches for fully private banks.
6. For instance, 63 percent of these countries were not included in the cross-country analysis of bank regulation by Barth, Caprio, and Levine (2003) . Some were included in later rounds of the survey, but coverage is incomplete.
7. See the appendix for a description of the distribution of matches under an unbiased selection process. 
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(8) Note: Countries are sorted in decreasing order by fraction of banks with data on board of directors that had a former politician on their boards; countries with the same values are listed alphabetically.
FRACBANKS is the fraction of banks with Bankscope data on board of directors that had a former politician on their boards. SHAREASSETS is the share of the total assets of banks with Bankscope data on board of directors that is represented by connected banks. FRACBANKERS is the fraction of bank directors that had a previous political position. PREVALENCE is the (log) ratio of the actual to the expected number of matches, where the expected number is computed assuming no bias toward politicians in the selection of bankers and assuming that both bankers and politicians are selected from the whole population of a country. MAXSHARE is the largest fraction of a country's population from which politicians and bankers would have to be selected so that the hypothesis that the selection of bankers is not biased toward politicians could not be rejected at the 5 percent level. Not available is coded as "-". Source: Authors' analysis based on data described in the text.
FRACTION OF CONNECTED BANKS. The fraction of connected banks (FRACBANKS) is the number of banks with at least one former politician on the board of directors divided by the number of banks for which there are data on board members. The mean fractions of connected banks of 10 percent for all kinds of banks and 9 percent for private banks are much larger than the fraction of matches among individuals documented above. Indeed, when only countries with at least one match are considered, the average share increases to about a fifth of the banks. There is interesting variation across countries. The countries with fewest connected banks are Germany, the United States, Italy, Japan, and Switzerland, all with less than 2 percent of banks connected in this way. In contrast, more than two-thirds of the banks are connected in Gabon, Georgia, Myanmar, Angola, Burundi, and Madagascar. The picture is generally the same whether considering all banks or just private banks; the correlation between the two groups is 0.86. The rationale behind this first aggregation is that what determines a significant political link for a bank is whether the bank has at least one politician on its board. The higher the fraction of the banks in the system that are connected in this way, the larger the degree of connectedness between banking and politics. The issue is not about having a large number of people in both worlds but rather about having people in the right place, even if their number is small. In this sense, FRACBANKS is more naturally interpreted as a measure of the institutional connection between banking and politics, rather than a personal matter related perhaps to the existence of a common set of skills.
SHARE OF ASSETS OF CONNECTED BANKS.
A simple variation on the FRACBANKS measure consists of computing the share of total banking system assets in banks that have a politician on their board. This metric, the share of assets of connected banks (SHAREASSETS), has the advantage of acknowledging that larger banks might differ from smaller ones in their need or ability to connect to politics. Smaller banks may find free-riding on the connections of large banks more profitable than establishing their own connections. Also, this measure would probably be more relevant when looking at the likely effects of connectedness since it would be a measure of the amount of credit that is subject to these links. This metric is then more likely a proxy for the extent of power-both political and economic-that these relationships might entail. On a more technical note, giving a higher weight to larger banks minimizes the potential problems induced by the smaller coverage for small banks.
SHAREASSETS is strongly and significantly correlated with FRACBANKS, both for all banks and for private banks (table 2). For countries with at least one match, the mean share is 25 percent for all banks and 18 percent for private banks. The groups of countries that rank very high and very low are similar to those for the FRACBANKS measure. These results suggest that the difference between large and small banks might not be very relevant. The Note: Correlations are computed including the countries with zero matches (for those measures that can take the value zero). FRACBANKS is the fraction of banks with Bankscope data on board of directors that had a former politician on their boards. SHAREASSETS is the share of the total assets of banks with Bankscope data on board of directors that is represented by connected banks. FRACBANKERS is the fraction of bank directors that had a previous political position. PREVALENCE is the (log) ratio of the actual to the expected number of matches, where the expected number is computed assuming no bias toward politicians in the selection of bankers and assuming that both bankers and politicians are selected from the whole population of a country. MAXSHARE is the largest fraction of a country's population from which politicians and bankers would have to be selected so that the hypothesis that the selection of bankers is not biased toward politicians could not be rejected at the 5 percent level.
Source: Authors' analysis based on data described in the text.
correlation between the measures computed over all banks and over private banks is also quite high (0.79).
FRACTION OF CONNECTED BANKERS. The third measure, fraction of connected bankers (FRACBANKERS), is the ratio of the number of matches to the number of bank directors in the dataset. This metric looks at the extent to which politicians populate bank boards. The average fraction of connected bankers across all countries is around 1 percent and is close to 2 percent for countries with more than one match. These numbers suggest that the phenomenon is not particularly frequent. The correlation with the first two measures is small (0.34 for FRACBANKS and 0.38 for SHAREASSETS for all banks) but statistically significant. Furthermore, the countries at both tails of the measure are similar to those at the tails of the previous two measures. Thus, despite the low level of the variable, its cross-country variation captures a similar concept to the previous two.
PREVALENCE. The first three measures of connectedness are easy to compute and natural in their interpretation. But they do not take into account that the expected number of banker-politicians may differ across countries even if the selection of bankers is not biased toward former politicians. In particular, countries with more matches might simply be countries with fewer people from which both bankers and politicians are selected. For greater precision, the probability of obtaining a given number of matches was derived under the assumption that the people needed to fill the politician and banker posts are selected randomly with replacement (at the sample level) from a common pool (see the appendix). Everyone in the pool has the same probability of being selected for either position, and there is no bias in favor of politicians in the selection of bankers. This probability is then used to compute the expected number of matches assuming that the common pool is the entire population of each country (more on this below). This ratio of actual to expected matches (in logs) is called PREVALENCE. The correlation of this metric with the previous ones is not as strong as for the others, particularly with FRACBANKERS, but it is still positive. The countries that rank highest in this connectedness measure are Myanmar, China, Bangladesh, India, and Mexico (see table 1 ). The countries where the phenomenon is least prevalent include Luxembourg, France, Switzerland, and Norway. For most countries the actual number of matches is many times larger than the expected number because of the assumption that the pool from which directors are selected is the total population of a country. Since it is highly unlikely that every person has the same probability of being chosen as a politician or a banker, the results for this measure are exaggerated. Nevertheless, the cross-country variation in this measure is the same as it would be if it were assumed that the selection pool for bankers and politicians is a fixed fraction of a country's population. In fact, it can be shown that the expected number of matches is proportional to the size of the pool. Therefore,
where PREVALENCE(ELITE) is the log ratio of actual to expected matches considering the true size of the elite, and log ELITE POP is the log ratio of the size of the elite as a fraction of the population. Thus, as long as the elite are a fixed fraction of the population across countries, the PREVALENCE measure and true prevalence would differ only in a constant. The measure will be incorrect, however, if there is systematic variation across countries in the elite as a share of population. This could happen if the number of elite is relatively fixed in all countries, so that the elite decline as a fraction of the population from smaller to larger countries. The analysis considers the size of the population in each country to control for this possibility.
MAXIMUM SHARE OF POPULATION FOR RANDOMNESS. Another possibility is that the size of the elite is related to the educated portion of the population. If one assumes that the pool is the number of people with a tertiary education, the expected figures are closer to the actual number of matches. This correction incorporates the possibility that PREVALENCE is highest in some countries simply because there are so few people in those countries who are capable of assuming these posts. The correction, however, is not free of problems because it is not obvious that the relevant pool is the group of highly educated people. On the one hand, the pool may be too narrowly defined since not all the bankers and politicians have a tertiary education. 8 On the other, the pool might not be sufficiently small if a certain kind of economic or financial skill is shared between politicians working in economic spheres within the government and bankers. Most important, such a correction might confound the interpretation of the results because one variable mixes two concepts-availability of human capital and connectedness-that may have independent (and opposite) effects on many country characteristics (such as real GDP per capita).
The final measure, maximum share of population for randomness (MAXSHARE), takes into consideration the uncertainty about the size of the pool of individuals from which bankers and politicians are selected. MAXSHARE corresponds to the largest pool (as a fraction of the population) from which bankers and politicians are selected so that the hypothesis that the selection is random could not be rejected at the 5 percent level (for the number of matches found in the data). For most countries, in order not to reject this hypothesis, the size of the pool turns out to be a very small fraction of the 8. See Dreher and others (2009) for data on the educational attainment of presidents. These data show that 30 percent of presidents worldwide since 1975 did not receive a higher education.
population. As expected, this variable is negatively correlated with the previous ones because it measures the inverse of the underlying concept. The usual groups of countries are at both extremes of the metric.
CONNECTEDNESS AND COUNTRY CHARACTERISTICS. Overall, the different measures are significantly correlated, suggesting that they are likely to be different proxies for the same general concept. It is also clear that considering links solely to private banks makes little difference, suggesting that politicians sitting on the boards of state-owned banks do not drive the findings for the various measures.
Countries that rank highest on the connectedness measures 9 (Bangladesh, China, Mexico, India, and the Russian Federation) and those that rank lowest (Luxembourg, Switzerland, Cyprus, Norway, and France ) clearly differ in many other respects as well. The most obvious is economic development. Countries where connectedness is more prevalent are significantly poorer than countries where it is less prevalent. Mean GDP per capita is $3,944 for countries with higher than the median share of connected banks, and $18,958 for the others. The share of connected banks in countries with lower than median per capita GDP (28.2 percent) is two and a half times larger than the share in more developed countries (11.4 percent). The picture is about the same for the other measures and when only private banks are considered.
The second distinctive feature is that countries where the prevalence of connectedness is higher also appear to have less developed institutions. For instance, countries with lower than median connectedness have control of corruption indicators (defined below) that are one standard deviation higher than countries with higher prevalence. While the share of connected banks is 15.1 percent in countries with higher than median control of corruption, it is 26.5 percent in the rest. Finally, banking sector development differs considerably across the two groups of countries. The ratio of private credit to GDP (from Beck, Demirguc-Kunt, and Levine 2000) is 3 times higher where connectedness measures are lower (76 percent) than where they are higher (25 percent), while the share of connected banks is almost twice as high in countries where banking sector development is low (26.5 percent) than in those where it is high (15.1 percent).
Connectedness, then, does not seem to be equally distributed across countries but rather to cluster in countries where things do not work very well. In particular, connectedness is higher where economic development is low and where institutions and the financial system are underdeveloped. These are some of the relationships examined more deeply in the following section.
I I . T H E C O R R E L A T E S O F C O N N E C T E D N E S S
This section explores the correlates of connectedness first at the bank level and then at the cross-country level. It shows that the measures of connectedness 9. Giving equal weight to each of the five different connectedness measures.
introduced above are robustly correlated to important bank and country characteristics and also to policy choices.
Bank Characteristics
Connected and unconnected banks can be compared on several characteristics. Here, they are compared on measures of size, profitability, leverage, and riskiness, which were constructed from Bankscope data using bank statements at the end of 2004. Table 3 shows averages for these characteristics for connected and unconnected banks, their differences, and whether the differences are statistically significant according to a simple test of means. Clearly, connected banks are larger, more profitable, and less leveraged than are unconnected banks. They also have a smaller share of net charge-offs to gross loans, suggesting that they take less risk than unconnected banks, although on a worldwide comparison, the difference is not significant. The sign and significance of these differences remain unchanged when only fully private banks are considered.
The regressions in table 4 further test whether these correlations hold when connected and unconnected banks are compared within a country. The parameters of the following parsimonious specification are estimated:
where Y i,c corresponds to the financial characteristics of bank i in country c, which include measures of size, profitability, riskiness, liquidity, and leverage; CONNECTED i,c is a dummy variable that takes a value of 1 if at least one of the bank's directors has been a politician or bank regulator, and 0 otherwise; SIZE i,c controls for (log) total assets (except when the left-side variable is itself a measure of size); u c is a country fixed-effect that controls for cross-country differences in bank characteristics, and 1 i,c is a residual term. Since these regressions exploit only within-country differences between connected and unconnected banks, and bank-level data are notoriously noisy, all variables are measured in logarithms to reduce the influence of outliers (variables corresponding to ratios that can plausibly take negative values are expressed as the logarithm of one plus the variable). 10 As in table 3, the parameters of the benchmark model are estimated separately for all banks and for banks with no public ownership.
The coefficients confirm that connected banks tend to be the largest banks in a country, with total assets about 34 percent larger than those of the average unconnected bank (see table 4, column 1). Similar results are obtained for other measures of size, such as loans and country ranking (not reported). Connected banks also tend to be more profitable and to have a return on average assets 0.6-0.8 percent higher than the average unconnected bank (column 2). Leverage is significantly lower among connected banks; the ratio of equity to total assets is 2 percent higher in connected banks than in the average bank, a difference that increases to 3 percent in the sample of privately owned banks (column 3). Connected banks also tend to have a lower Note: Number in parentheses are robust standard errors. All dependent variables are in logs. Ratios that can take negative values are measured as the log of one plus the corresponding ratio. Connected is a dummy variable that takes a value of 1 if a bank has at least one former politician among its board members and 0 otherwise. All regressions included a country fixed effect, and all regressions except for total assets also control for (log) total assets.
10. This is not a major issue in the overall comparisons in table 3, which compute the average of each characteristic across all connected and all unconnected banks. In contrast, these regressions compare connected and unconnected banks within a country.
proportion of write-offs and impaired loans relative to average gross loans and reserves, suggesting that they take on less risk (column 4).
Overall, the results across and within countries show that connected banks are larger, more profitable, less leveraged, and less risky than unconnected banks, regardless of whether there is any government ownership.
11 In addition, to see whether bank characteristics are correlated with the share of former politicians on a bank's board, equation (2) was reestimated using that share (a measure of the intensity of banks' political connections) instead of the dummy variable described previously. While the results are similar to those reported in table 4, they are weaker in statistical and economic terms (not reported). Thus, desirable bank characteristics are more strongly correlated with whether a bank has a former politician on its board than with the number of former politicians. It does not seem that politicians cluster in banks with desirable characteristics.
Country Characteristics
As discussed in section I, a simple look at the data suggested that banks were less politically connected in richer, more financially developed countries. The results reported here systematically test whether the degree of connectedness of banks is robustly correlated with important country characteristics and whether those correlations survive when controlling for several straightforward omitted variables in a multivariate setting. Country characteristics, such as development level, institutional quality, extent of pro-banker regulation, and banking sector development, were related to the five measures of connectedness by estimating the parameters of the following specification:
where Y is a measure of any of the country characteristics described above for country c, and CONNECTEDNESS is any of the five measures of connectedness discussed in section I: the fraction of connected banks (FRACBANKS), the share of assets of connected banks (SHAREASSETS), the fraction of connected bankers (FRACBANKERS), the (log) of actual to expected number of matches of bankers-politicians (PREVALENCE), and the maximum share of the population from which bankers and politicians are selected so that the null of random selection cannot be rejected at a 5 percent level of significance (MAXSHARE). The variables in X control for other country characteristics that may be simultaneously related to both Y and CONNECTEDNESS.
11. These findings are robust to using the standard Heckman (1979) two-step estimator to control for possible sample selection issues in the set of banks with information on directors (not reported).
Economic Development
The results show a strong negative correlation between the degree of connectedness and GDP per capita, whether considering all banks or only those that are fully private (table 5). The correlation is particularly strong when no *Significant at the 10 percent level; **significant at the 5 percent level; ***significant at the 1 percent level.
Note: The dependent variable is the average 1995-2005 log real GDP per capita (from Heston, Summers, and Aten 2006). Standard errors (in parentheses) are robust to heteroskedasticity. FRACBANKS is the fraction of banks with Bankscope data on board of directors that had a former politician on their boards. SHAREASSETS is the share of the total assets of banks with Bankscope data on board of directors that is represented by connected banks. FRACBANKERS is the fraction of bank directors that had a previous political position. PREVALENCE is the (log) ratio of the actual to the expected number of matches, where the expected number is computed assuming no bias toward politicians in the selection of bankers and assuming that both bankers and politicians are selected from the whole population of a country. MAXSHARE is the largest fraction of a country's population from which politicians and bankers would have to be selected so that the hypothesis that the selection of bankers is not biased toward politicians could not be rejected at the 5 percent level.
Source: Authors' analysis based on data described in the text and table.
additional controls are included (columns 1-3), but it survives after controlling for log population and for the fraction of the population with tertiary education (columns 4 -6), especially when focusing on fully private banks. Educational attainment is particularly relevant as a standard measure of a country's stock of human capital (which most theories relate to a country's per capita GDP), but it is also important as a proxy for the size of the pool of elite from which politicians and bankers are selected (see section I). The results are statistically stronger for the more complex measures of connectedness: PREVALENCE and MAXSHARE. This suggests that these measures have greater economic content than the simpler ones. Nonetheless, results are qualitatively similar, whatever the measure. Furthermore, figure 1 shows that the negative correlation between connectedness and development is not driven by a few outliers but reflects a robust pattern of the data. The relation between connectedness and GDP per capita (from Heston, Summers, and Aten 2006) is economically large. For instance, the difference in (log) GDP per capita between Morocco and France is commensurate with their difference in PREVALENCE. Although causality cannot be attributed ) and (log) ratio of actual to expected number of matches between bankers and politicians (PREVALENCE), controlling for (log) fraction of population over age 25 with a tertiary education and log population. The displayed coefficient is the value for the PREVALENCE measure of connectedness in the multivariate regression against log real GDP per capita. Country observations are labeled according to the World Bank's codification system (see Table 1 .)
to this strong cross-country correlation without a good instrument, it is clear that the degree of connectedness is not neutral but is associated with a country's level of development. The regressions discussed below show that connectedness is also associated with other country characteristics that have been causally related in the literature to level of development, even after controlling for the direct link between development and connectedness documented here.
Institutions
Correlating the five measures of connectedness with cross-country measures of institutional quality (from Kaufmann, Kraay, and Mastruzzi 2004) shows that connectedness is significantly higher in countries with less developed institutions for preventing corruption and limiting the power of the government over its citizens (voice and accountability; table 6). The relation holds for all banks and for private banks. For all measures, the relation between connectedness and institutional quality is significantly negative even after controlling for GDP per capita and population size (columns 4 -6 and 10 -12). This is reassuring because of the widely documented link between institutions and development and because the measures of connectedness may be correlated with population size. With these correlations, it is not surprising that the estimated coefficient changes according to the unconditional specification. However, all the coefficients maintain their sign and statistical significance, which shows that the relations between connectedness and a country's level of development and population size are not qualitatively driving the findings.
12
It is even clearer than for the case of overall development that a few outliers do not drive the relations between connectedness and institutional quality (figure 2). The magnitude of the estimated coefficient is also economically relevant: a one standard deviation increase in SHAREASSETS (equivalent to the difference between Luxembourg and Philippines) is associated with a 0.4 decline (around half a standard deviation) in the control of corruption, corresponding to 25 percent of the difference in control of corruption between the two countries. Also, as shown in the bottom panel of figure 2 , the difference in control of corruption between Angola and Spain is commensurate with their difference in PREVALENCE.
Regulation
The results so far have shown that prevalence is systematically related to underdevelopment and weak institutions. The next test is for a systematic relation between connectedness and banking sector regulation. As discussed in the introduction, the political economy literature typically associates the links 12. To capture nonlinearities, specifications were also estimated that included a quadratic term for log GDP per capita in addition to log GDP per capita and log population. The results, available on request, are qualitatively and quantitatively similar to those obtained with the baseline control set. This exercise was repeated for all the regressions reported in this section, with similar results. 
TAB L E 6 . Connectedness and Institutions

Control of Corruption
(8) **Significant at the 5 percent level; ***Significant at the 5 percent level FRACBANKS is the fraction of banks with Bankscope data on board of directors that had a former politician on their boards. Note: Standard errors (in parentheses) are robust to heteroskedasticity. FRACBANKS is the fraction of banks with Bankscope data on board of directors that had a former politician on their boards. SHAREASSETS is the share of the total assets of banks with Bankscope data on board of directors that is represented by connected banks. FRACBANKERS is the fraction of bank directors that had a previous political position. PREVALENCE is the (log) ratio of the actual to the expected number of matches, where the expected number is computed assuming no bias toward politicians in the selection of bankers and assuming that both bankers and politicians are selected from the whole population of a country. MAXSHARE is the largest fraction of a country's population from which politicians and bankers would have to be selected so that the hypothesis that the selection of bankers is not biased toward politicians could not be rejected at the 5 percent level. a. Average for 1996-2002, from Kaufmann, Kraay, and Mastruzzi (2004) . Source: Authors' analysis based on data described in the text and table.
FIGURE 2. Connectedness and Institutions
Note: Figures show the relation between control of corruption (average 1996-2002 from Kaufmann, Kraay, and Mastruzzi 2004) and the fraction of total banking system assets owned by connected banks (SHAREASSETS; top panel) and the (log) ratio of actual to expected number of matches between bankers and politicians (PREVALENCE; bottom panel), controlling for (log) real GDP per capita (adjusted for purchasing power parity) and log population. The displayed coefficients are the values for the two connectedness measures in the multivariate regression against control of corruption.
between regulators and regulated firms with private interests that depend critically on both parties having something to gain from colluding. Regulation that favors incumbents in the banking system is the obvious service that politicians can exchange for a seat on a bank's board. Barth, Caprio, and Levine (2003) use five dimensions of financial regulation to show how countries regulate their financial systems: restrictions on bank activities, entry regulation, supervisory powers, private monitoring and selfregulation, and capital requirements. They assign an index to each of these broad ways of regulating banks that corresponds to the first principal component of the answers to surveys conducted by regulators in each country.
To address the ambiguity inherent in some of these dimensions, these indexes were used to construct an overall measure of the pro-banker leaning of financial regulations across countries. For instance, it is unclear whether restrictions on bank activities are pro-or anti-incumbents. On the one hand, restrictions constrain the ability of banking incumbents to expand into new lines of business. On the other hand, restrictions constrain other institutions from expanding into the banking business. Similarly, whether giving responsibility for supervision and monitoring to the public or private sector is pro-or antibankers depends on what type of monitors are more easily captured.
Instead of taking an arbitrary stance on whether each of these five dimensions of financial regulation is pro-or anti-banking incumbents, cross-country data on the degree of rents in a country's banking sector (measured as the average net interest margin, also from Barth, Caprio, and Levine 2003) are used to build a de facto index by regressing these rents on the five individual indexes. Burnside and Dollar's (2000) methodology was used to construct an index of the probanker intensity of regulation by weighting each index by its estimated elasticity to rents. The intention is to let the data speak: if a given dimension of regulation is more pro-banker, an increase in its index should be associated with higher rents (and vice-versa) . The regression yields the following result 
where NIM is a country's banking sector average net interest margin, and ENT, CAP, ACT, PRIV, and OSP are the five principal component indexes as described above: entry restrictions, capital requirements, activities restrictions, private monitoring, and overall supervisory power (all standardized to have zero mean and unit variance so that the magnitude of the coefficients reveal the relative importance of each dimension). According to the regression, average net interest margins are positively correlated with restrictions on entry and activity and negatively correlated with capital requirements, the extent of private monitoring, and the power of the supervisor. In terms of magnitude and significance, private monitoring has the largest correlation with margins, followed by restrictions on activities, capital requirements, and entry restrictions. Surprisingly, the index of supervisory power has a negligible correlation with margins, in both magnitude and significance. In addition to this index, the Kaufmann, Kraay, and Mastruzzi (2004) index of regulatory quality was also used (the index measures the incidence of market-unfriendly policies such as price controls or inadequate bank supervision), and the correlation between connectedness and each of the five individual dimensions of regulation was checked (see table A1 in the appendix). Table 7 shows the relation between the measures of connectedness and the index of pro-banker regulation (columns 1 -6) and the index of overall regulatory quality (columns 7-12) for all banks and for private banks only, both unconditionally and after controlling for log real GDP per capita and log population. With a few exceptions, there is a positive relation between connectedness, however measured, and the index of pro-banker regulation. There is also a strong negative correlation between connectedness and the index of regulatory quality (the correlations with MAXSHARE have the opposite sign, as expected). The results are especially strong when connectedness is measured among private banks only, demonstrating again that politicians sitting on boards in public banks do not drive the findings. Again, the economic magnitude of the effect is large: moving from the 10th to the 90th percentile of PREVALENCE is associated with a one standard deviation increase in the index of pro-bank regulation, an increase roughly commensurate with the difference between the index in Lithuania and Spain. Similarly, the same increase in PREVALENCE is associated with more than a one standard deviation decline in the index of regulatory quality, commensurate with the difference between Egypt and Japan.
The correlations with the regulatory index are not driven by a few outliers (figure 3), although the relation is not as strong as that with country characteristics. This is due partly to the smaller sample for regulatory variables, but also to the difficulty of aggregating the indicators into a measure of pro-banker regulation. To check the robustness of the results, the pro-banker index was also built using the simpler indexes reported by Barth, Caprio, and Levine (2003) for each dimension of regulation instead of the principal component indexes. The results are qualitatively similar, but significance is lost in several cases. Finally, the results were checked using data from Barth, Caprio, and Levine (2006) to construct a simple index (rather than a principal components index) based on surveys in 2001 and 2003, which increases the cross-sectional dimension of the data. As before, the results are qualitatively similar, but the significance is lost except in the unconditional regressions and the conditional regressions using MAXSHARE and PREVALENCE. 
(8) Note: A higher number indicates more pro-banker regulation or better regulatory quality. Standard errors (in parentheses) are robust to heteroskedasticity. FRACBANKS is the fraction of banks with Bankscope data on board of directors that had a former politician on their boards. SHAREASSETS is the share of the total assets of banks with Bankscope data on board of directors that is represented by connected banks. FRACBANKERS is the fraction of bank directors that had a previous political position. PREVALENCE is the (log) ratio of the actual to the expected number of matches, where the expected number is computed assuming no bias toward politicians in the selection of bankers and assuming that both bankers and politicians are selected from the whole population of a country. MAXSHARE is the largest fraction of a country's population from which politicians and bankers would have to be selected so that the hypothesis that the selection of bankers is not biased toward politicians could not be rejected at the 5 percent level. a. Index built from Barth, Caprio, and Levine (2003) using the methodology of Burnside and Dollar (2000) . b. Average for 1996-2002 from Kaufmann, Kraay, and Mastruzzi (2004) . Source: Authors' analysis based on data described in the text and table.
FIGURE 3. Connectedness and Pro-Banker Regulation
Note: Figures show the relation between the index of pro-banker regulation and the fraction of total banking system assets owned by connected banks (SHAREASSETS; top panel) and the (log) ratio of actual to expected number of matches between bankers and politicians (PREVALENCE; bottom panel), controlling for (log) real GDP per capita (adjusted for purchasing power parity) and log population. The displayed coefficients are values for the two connectedness measures in the multivariate regression against pro-banker regulation.
Financial Development
The evidence presented above suggests that the connectedness of bankers and politicians is significantly and robustly correlated with how the banking sector operates and is regulated. Insofar as these differences have no impact on the efficiency of the financial system, the issue would simply be a matter of diverse preferences across countries. The importance rises, however, if the connection between bankers and politicians is correlated with the ability of the system to allocate funds efficiently. This section tests whether connectedness is related to the degree of development of the banking system. The specification is the same as above, with Y now being each country's log ratio of bank credit to the private sector to GDP. Also as before, univariate and multivariate regressions are presented that control for per capita GDP and population size and for other standard determinants of financial development. The coefficient of all measures of connectedness is negative (except, of course, for MAXSHARE, which is an inverse measure of connectedness) and almost always significant in univariate and multivariate regressions regardless of whether connectedness is measured over all banks or private banks only (table 8) . In fact, as before, the results are stronger when connectedness is measured over private banks only. Thus, connectedness is associated with a lower degree of banking sector development. The relation is large in economic terms: moving from the 10th to the 90th percentile of prevalence is associated with a ratio of private credit to GDP 45 percentage points higher, an increase roughly commensurate with the difference between Philippines and Japan. Again, a few outliers do not drive the results (figure 4).
The negative correlation between the measures of connectedness and financial development is not driven by the traditional measures used to explain financial development across countries, such as the degree of protection of creditors, the quality of accounting practices, and investment opportunities measured using the decade's effective GDP growth rate (columns 7-9).
14 Both creditor rights and accounting quality enter positively as expected (although not significantly).
Robustness
The results have shown that the connectedness of banks, however measured, is negatively correlated with economic development, the existence of less corrupt and more accountable institutions, and development of the banking sector and is positively correlated with the extent to which regulation favors bank incumbents. As mentioned, without a good instrument for connectedness, causal inferences cannot be made, but it has been shown that these reduced form relations are not trivially driven by some obvious third variables that may be 14. When the decadal growth rate of per capita GDP is included, log real per capita GDP is dropped. 
(8)
All Bankscope Banks to GDP (from Beck, Demirguc-Kunt, and Levine 2000) . FRACBANKS is the fraction of banks with Bankscope data on board of directors that had a former politician on their boards. SHAREASSETS is the share of the total assets of banks with Bankscope data on board of directors that is represented by connected banks. FRACBANKERS is the fraction of bank directors that had a previous political position. PREVALENCE is the (log) ratio of the actual to the expected number of matches, where the expected number is computed assuming no bias toward politicians in the selection of bankers and assuming that both bankers and politicians are selected from the whole population of a country. MAXSHARE is the largest fraction of a country's population from which politicians and bankers would have to be selected so that the hypothesis that the selection of bankers is not biased toward politicians could not be rejected at the 5 percent level.
FIGURE 4. Connectedness and Financial Development
Note: The figures show the relation between the ratio of average 1995-2005 private credit to GDP and the fraction of total banking system assets owned by connected banks (SHAREASSETS; top panel) and the (log) ratio of actual to expected number of matches between bankers and politicians (PREVALENCE; bottom panel), controlling for (log) real GDP per capita (adjusted for purchasing power parity) and log population. The displayed coefficients are the values for the two connectedness measures in the multivariate regression against private credit to GDP.
simultaneously related to the connectedness measures and any of the country characteristics analyzed, such as a overall development or population size. The regressions reported here address some further robustness concerns. As discussed in section I, although the PREVALENCE measure takes no stance on the share of the population from which bankers and politicians are selected, it assumes that the share is constant across countries. This is a reasonable assumption, but it may be that the elite are not a fixed share of the population but rather a fixed number of people. If so, PREVALENCE, one of the most robust measures, could simply be capturing the relation between crosscountry differences in the size of the elite as a fraction of the population over several country characteristics. This is partially controlled by including the log population in the specifications, which does not eliminate the findings of the unconditional regressions. Nevertheless, it is also possible that the size of the elite is not fixed but proportional to the share of the highly educated population. To check for this possibility, the log share of the population with tertiary education was added to each specification. 15 The regressions show that differences in the size of the elite as a fraction of the population do not drive the documented negative correlation of connectedness with institutions and financial development or the positive correlation with pro-banker regulations. Although this is mainly a concern for the PREVALENCE measure, results are also reported using the share of assets of connected banks to show that controlling for this additional variable does not change these results either. Results for other variables are similar and available on request.
Another concern with the connectedness measures is that, empirically, they are negatively correlated with the number of banks reporting to Bankscope. This number is an endogenous variable that may clearly be correlated with banking sector development, but since the measures of connectedness may be mechanically related to this number by construction, the documented correlations could be spurious. To check for this possibility, the measures were recomputed using only the 10 largest banks in a country as measured by total assets at the end of 2004 (columns 4-6 in table 9). All banks were included for countries with fewer than 10 reporting banks. This reduced by two orders of magnitude the cross-country variance in the number of banks used in calculating the measures of connectedness, and the resulting measures are not significantly correlated with the number of banks. Nevertheless, the results obtained with these measures are quantitatively and qualitatively similar to those obtained when all banks are included. Thus the significantly larger number of banks reporting in richer and more developed countries is not behind the documented correlations.
15. As shown in section I, PREVALENCE computed using the total population equals PREVALENCE computed using only the elite plus the log of elite share of the population. Assuming that this log share is proportional to the share of the population with tertiary education, true PREVALENCE would be PREVALENCE with all population less the fraction of the population with a tertiary education. 
(10) *Significant at the 10 percent level; **significant at the 5 percent level; ***significant at the 1 percent level.
Note: Standard errors (in parentheses) are robust to heteroskedasticity. SHAREASSETS is the share of the total assets of banks with Bankscope data on board of directors that is represented by connected banks. PREVALENCE is the (log) ratio of the actual to the expected number of matches, where the expected number is computed assuming no bias toward politicians in the selection of bankers and assuming that both bankers and politicians are selected from the whole population of a country. a. Average for 1996 -2002 , from Kauffman, Kraay, and Mastruzzi (2004 . b. Index built from Barth, Caprio, and Levine (2003) using the methodology of Burnside and Dollar (2000) . c. Log ratio of average 1996-2002 private credit to GDP (from Beck, Demirguc-Kunt, and Levine 2000) . Source: Authors' analysis based on data described in the text.
The analysis was restricted to countries with at least one match, but it could be argued that that was not restrictive enough and that the finding of one or two matches might be an overinterpretation. To check this, the analysis was restricted to countries with at least two matches (making two matches the baseline). The results follow the same pattern as before (columns 7 -9), indicating that countries with more than one match drive the correlations. Further restricting the sample to include only countries with at least three matches (31 countries) yields qualitatively similar results, but some of the coefficients are not significant at a 10 percent level because of the reduction in the sample size (31 countries; not reported).
The regressions reported in columns 10-15 check for the influence of outliers on the results. Columns 10-12 take an agnostic approach and simply use a robust regression technique to reduce the influence of outliers. 16 As before, there is no important change in the results. Columns 13 -15 control for the potential influence of socialist countries. Although figures 1 -4 and the regressions reported in columns 10-12 show that a few countries do not drive the correlations, they also show that the group of formerly socialist countries tends to be at the extreme of the distribution of connectedness. Thus, the correlations reported may come from the difference between former socialist countries and the rest of the sample. To check for this without unnecessarily reducing the sample, a dummy variable was added that takes a value of 1 for formerly socialist countries and 0 otherwise. Reassuringly, the sign and magnitude of all the reduced-form coefficients remain unaffected (the dummy for formerly socialist countries is typically significant and in the expected direction, for example, with lower financial development).
Finally, because the quality of the information in many countries with zero matches cannot be trusted and the finding of a zero match provides very little information on the process driving the selection of bankers and politicians, the analyses were conducted again after dropping countries with zero matches. Countries with zero matches are very heterogeneous, and there is no good way of separating the zeroes resulting from data quality from the true zeroes. While this seems to be the right approach, it would be troubling if the pattern of results changed qualitatively or was even reversed when the zeroes were considered. That was not the case (table 10). As a mild way of separating zeroes resulting from poor data from true zeroes, only the countries with zero matches and more than two banks were included.
The unconditional regressions always result in significant coefficients of the same sign as those reported previously, and the regressions controlling for log real GDP per capita and log population size also show a similar pattern to those previously reported. The only major difference is that the coefficients for the degree of pro-banker regulation are no longer statistically significant for any measure. This is not so surprising considering that the relation with Note: Standard errors (in parentheses) are robust to heteroskedasticity. All regressions include the observations with zero matches between bankers and politicians in countries with more than two banks, and all regressions control for log real GDP per capita and log population. FRACBANKS is the fraction of banks with Bankscope data on board of directors that had a former politician on their boards. SHAREASSETS is the share of the total assets of banks with Bankscope data on board of directors that is represented by connected banks. FRACBANKERS is the fraction of bank directors that had a previous political position. PREVALENCE is the (log) ratio of the actual to the expected number of matches, where the expected number is computed assuming no bias toward politicians in the selection of bankers and assuming that both bankers and politicians are selected from the whole population of a country. a. Index of control of corruption, average 1996 -2002 , from Kauffman, Kraay, and Mastruzzi (2004 . b. Built by the authors using data from Barth and others (2003) . c. Log ratio of average 1996-2002. Private credit to GDP (from Beck, Demirguc-Kunt, and Levine 2000) . Source: Authors' analysis based on data described in the text.
regulation is the most difficult to pin down and was the weakest among those reported in the baseline results. Including many diverse countries with the same value of connectedness (zero) clearly reduces the variance of the explanatory variable and its ability to account for this country characteristic.
This article builds an extensive dataset to measure the extent to which banks are politically connected across countries. The measure is based on the fact that some high-ranking politicians end up on bank boards of directors. Of course, this represents just one way of establishing relationships between bankers and politicians. It may not even be the most important one, but it is likely to be correlated with other forms. Although formal tests are not presented and causality is not established, the article presents pieces of reducedform evidence that hold together better as a private interest story than as a public interest story. First, connected banks do better than unconnected ones: they are larger and more profitable, and these characteristics are not related to higher risk taking. These results are consistent with those for nonbank firms documented in the political economy literature. While a public interest view is still possible (say if politicians were attracted to good banks), in that case politicians would be expected to cluster in the best banks, which should result in a strong relation between the share of politicians on a bank's board and the bank's performance. But no such relationship was found: once a bank is connected, having more politicians on the board is not associated with better performance. Second, connectedness is more prevalent where deals between bankers and politicians are likely to be less costly and more influential. Connectedness correlates positively with corruption but negatively with government accountability.
Third, these politician-banker relationships are associated with poorer outcomes for society in the form of lower overall and financial development. A likely mechanism is regulatory capture, a conjecture supported by the finding that bank regulation is more pro-banker and of lower quality where these links are more important. If that is the direction of causality, a permissive institutional context allows banks to achieve better regulatory treatment by connecting themselves to politicians. These links allow banks to achieve higher profits without taking more risk or boosting efficiency, in the process incurring high social costs in the form of inhibited financial sector development and reduced access to financing for many firms. Restricting these types of connections could limit the ability of incumbent financiers to tilt regulations in their favor and impede financial sector development. It is important, however, not to draw direct, partial equilibrium policy conclusions from this exercise. If this particular avenue of connection is absent, incumbents might instead pressure regulators some other way, such as through outright bribes, that could be even more detrimental to the institutional framework.
number of matches and is distributed according to:
The denominator corresponds to the ways the two samples of sizes n P and n B can be chosen from populations of sizes N P and N B . The numerator has various components. The first term corresponds to the number of ways in which the k common elements can be chosen among the N PB members of the intersection. The summation that follows counts the number of ways to choose the remaining n P 2k and n B 2k terms. The first term counts the ways to choose i of those elements from among the rest of the members of the intersection. If the i terms are chosen in this way, they can be in only one of the samples. For instance, assume that one of the remaining n B 2k components of n B also belongs to N PB . This one term can be chosen in N PB À k 1 ways, and the remaining n B 2k terms, which are bankers only, can be chosen in N B À N PB n B À k À 1 ways. Given that one of the terms in n B 2k belongs to the intersection, it cannot be selected in the remaining n P 2k draws from N P , so those terms can be chosen in N P À k À 1 n P À k only.
This distribution is used to estimate the expected number of matches in a country considering the actual size of the samples of bankers and politicians available from the data, which pin down n P and n B and assuming that both are drawn from a common pool corresponding to a country's total population. In the notation above, the assumption of a common pool corresponds to assuming that N P ¼ N B ¼ N PB . In this case the probability of finding k matches simplifies to 
(8) Note: Standard errors (in parentheses) are robust to heteroskedasticity. The dependent variable are the Barth, Caprio, and Levine (2003) principal component indexes of five dimensions of bank regulation: the degree of restrictions to entry, the magnitude of capital requirements, the extent of restrictions to cross activities, the reliance of self monitoring, and the overall authority of the regulator. All regressions include the observations with zero matches between bankers and politicians in countries with more than two banks, and all regressions control for log real GDP per capita and log population. FRACBANKS is the fraction of banks with Bankscope data on board of directors that had a former politician on their boards. SHAREASSETS is the share of the total assets of banks with Bankscope data on board of directors that is represented by connected banks. FRACBANKERS is the fraction of bank directors that had a previous political position. PREVALENCE is the (log) ratio of the actual to the expected number of matches, where the expected number is computed assuming no bias toward politicians in the selection of bankers and assuming that both bankers and politicians are selected from the whole population of a country. MAXSHARE is the largest fraction of a country's population from which politicians and bankers would have to be selected so that the hypothesis that the selection of bankers is not biased toward politicians could not be rejected at the 5 percent level.
